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Perceptron
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Deep Feed-Forward Networks

COMPUTATIONAL GOAI
classification

ARCHITECTURE
hierarchical feed-forward

LEARNING
supervised
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Visual cortex vs. Feed-forward deep neural network

Yamins et al (2016) Nat Neurosci
http://golab.wigner.mta.hu


http://golab.wigner.mta.hu

Visual cortex vs.

Feed-forward deep neural network

HCNN top
hidden layer
response
prediction

IT neural
response

Pixels

100-ms /

visual
presentation

Spatial convolution
over image input

—@—>|

1600 unseen test image (sorted by category)

http://golab.wigner.mta.hu

Yamins et al (2016) Nat Neurosci


http://golab.wigner.mta.hu

Visual cortex vs. Feed-forward deep neural network

@ | g

Pixels visual
presentatlon

Spatial convolution
over image input

——>

monkey V4 monkey IT

> 50¢
=~
SRS
83
¥ 2\ \ e, S g
HCNN top - T 35
: N v O g 3 50
hidden layer .. - o 2
response \ ¢S
prediction IT site 56 53
b o
=1
= 1
IT neural @ 0
response HCNN HCNN
o layers layers

1600 unseen test image (sorted by category)

Yamins et al (2016) Nat Neurosci
http://golab.wigner.mta.hu


http://golab.wigner.mta.hu

Visual cortex vs. Feed-forward deep neural network
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